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Steps to Implement Machine Learning

Monitor Model
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Ensure the model continues to
perform as expected.
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Build Model
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Choose and train ML algorithms.
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Understand Problem

Collect Data

Modelling
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Gather and prepare data for ML

algorithms.

y &

Define the business problem and
success metrics.
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Gradient Boosting
Random Forest
XGBoost
AdaBoost
LightGBM
Logistic Regression
Linear SVM
Decision Tree
K-Nearest Neighbors

MLP Classifier
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